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P Powerlytics

Accurately Predict
Consumer Default Risk

Make the Loan Journey The Solution

Easier for the Right By combining Powerlytics Data Platform with the
financial institution’s customer loan data, we were

Customers able to identify the consumer tax return variables that

have significant predictive power between the default
and non-default populations.

Once the Powerlytics variables are identified, they can
be leveraged in predictive models, scores or indexes
for a variety of reasons that include but are not limited

The Challenge to the following:

A US based financial lending institution sought to sharpen its e  Streamlining approval process for loans

ability to identify good credit prospects who could be quickly e Incorporating into credit line assignment or
approved for a loan vs. those consumers who were more likely increase strategies

to default and may require deeper analysis. e Incorporating into behavior scores for portfolio

monitoring (e.g., should accounts go into
proactive loss mitigation?)
e Identifying fraudulent applications
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The Impact

The Powerlytics variables showed significantly more
accurate predictive power when compared to the customer’s
FICO Score.

Specifically, Powerlytics had 46 tax variables that are more
powerful than the FICO Score for separating consumers that
default from consumers that do not default.

The Top 10 Powerlytics variables range from 35% to
3,026% more powerful than FICO in predicting consumers
that default from consumers that do not default.
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